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1. Recommender Systems
2. Collaborative Filtering

3. Active Users

4. Data Sparsity

5. Scalability

6. New Weighted Similarity
7. Model-Based
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8. Memory-Based

9. Proximity, Impact, Popularity
10. Agreement

11. New Heuristic Similarity Measure
12. Impact

13. Singularity

14. Herlocker Weighting

15. McLaughlin Weighting

16. Reversed CF

17. Demographic Information

18. Self-Organizing Map
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19. Cross-Domain Item Embedding
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